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ABSTRACT 

The evolution and adoption of chatbots pose a challenge, especially in emerging markets 

unfamiliar with AI. Technological advancements have improved the accuracy and 

interaction of chatbots, but studies have primarily examined these technologies from the 

perspective of organizations, neglecting that of customers. This research explores the 

acceptance of chatbots in the Moroccan banking sector, based on Mayer, Davis, and 

Schoorman trust model. The results, based on an empirical study of 370 clients using the 

structural equations method, show that the security variables "perceived trust, perceived 

confidentiality, and perceived security" are significantly related to each other. The 

research contribution not only offers a new perspective to identify important factors 

influencing customer trust in virtual agent acceptance but also assists Moroccan banks in 

examining these factors when planning the development of human-machine interaction. 

Keywords: Chatbots, Adoption, Trust model, Banking, SEM, Customer. 

 

1. INTRODUCTION 

Enhancing performance through innovative technologies has a positive effect on the 

social progress of humankind [1]. These advancements are now widely utilized across the 

globe, prompting governments to actively promote technological 
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growth[2].Technological improvements are those that convey changes to firms through 

the introduction of technical alterations[3].Technological progress can manifest in 

numerous ways, notably through the creation of new products, enhancements in 

production methods, and the utilization of current information and communication 

technologies[4].Artificial intelligence is one of these models that is experiencing a 

resurgence after a period of dormancy. 

AI integration has undergone a drastic transformation, in a short time, these technologies 

that were once expensive and reserved for specialists are now widespread [5]. Indeed, 

automation is no longer a thing of the future. More and more companies are using AI 

either for automation[6]or to enable their employees to achieve more complex goals [7]. 

According to the Fortune Business Insights report the value of the global AI market is 

predicted to be around $267 billion by 2027[8]. Examples of AI becoming increasingly 

prevalent among businesses and individuals include virtual agents. 

Chatbots, commonly called conversational robots, are computer systems designed to 

communicate with users via instant messaging interfaces, such as instant messaging 

applications, social media platforms, websites, or mobile apps [9]. The use of digital 

agents continues to grow worldwide, particularly in the point-of-sale, financial services, 

healthcare, and hospitality[10]. Many sectors, particularly banking, view AI as a key 

element in the transformation of digital operations [11].The integration of AI-powered 

Chatbot technology is a significant and influential advancement in the financial sector[12]. 

Chatbots or interactive agents based on messaging systems can be interesting for banks, 

as they simplify the purchasing process into a single[13]. There is no need for a platform, 

as they use existing messaging infrastructure [14]. 

Despite the scarcity of studies on chatbot adoption in banking in emerging countries like 

Morocco, research on this topic remains essential[15]. Indeed, since 2019, some 

Moroccan banks have implemented these technology-driven services through instant 

messaging (e.g., WhatsApp and Face book Messenger) or official websites[16]. Although 

we have made progress in understanding the effects of online banking, knowledge of how 

Moroccans interact with banking chatbot usage continues to be constrained. It is crucial 

to investigate customers' attitudes and opinions on the acceptance of this technology. In 

the case of our research, we opted for a model. The trust model developed by [17]is a 

theory that aims to explain how individuals decide to trust another person or organization. 
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This model comprises key elements: competence, benevolence, and integrity. These three 

elements combine to form trust. If one person perceives another as competent, honest, 

and caring, they will be more inclined to trust[18]. On the other hand, if one to that 

characteristics is lacking, trust may be called questioned[19]. In addition, our model 

incorporates several security variables deemed useful in the banking context, notably 

perceived confidentiality and perceived security. Indeed, chatbots are known to be reliable, 

especially when it comes to banking and related services[20]. The risk of exposing 

confidential customer information is minimal in these cases, as banks have implemented 

a system that ensures secure data transfer[21,22]. So, for the second variable, Grewal et 

al. [23] point out that customers still strive to make the right online purchases, but 

concerns about the security of merchants' websites hinder this enthusiasm. 

In the context of this research, our objective focuses on the decision phase relating to the 

adoption of chatbots by individuals with a view to its use. Our problem is answering the 

following question: To what extent can knowledge of chatbot adoption factors promote 

its use? This research aims to determine the Security variables that affect the acceptance 

of this form of artificial intelligence in banking. 

The present research is structured around an in-depth literature review of the relationship 

between chatbots and safety variables, highlighting previous work that has examined this 

complex dynamic. Drawing on the principles outlined in Mayer et al.[17] model of 

trust,we have been developing the conceptual framework of this study to explore the 

different dimensions of trust in the context of chatbot interactions. This approach provides 

a sound analytical framework for understanding how users perceive and evaluate trust, 

security, and perceived privacy in their interactions with these automated conversational 

entities. The research design is then detailed, specifying the methods and instruments used 

to collect the data required for the analysis.The analysis of the results examines the 

implications of these findings and provides practical suggestions for enhancing the design 

and implementation of chatbots to maximize user trust. In conclusion, we identify the 

research limitation, then provide a critical perspective on potential shortcomings, and 

finally, synthesize the significantfindings while highlighting their importance in the 

emerging field of human-machine interaction. 

2. LITERATURE REVIEW 
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2.1 Chatbots 

The concept of chatbots lacks a strong consensus among researchers in the literature. 

Inaddition, academics have formulated many interchangeable terms [24]. This variety of 

concepts can be found in both artificial intelligence and marketing [25], For example, in 

the marketing field, Ben Mimoun et al.[26]Consider that there are multiple nominations: 

"conversational agent, virtual agent, virtual salesperson, interface agent, embodied and 

disembodied conversational agent, synthetic agent, animated agent, recommendation 

agent, and avatar".Then, in the literature relating to artificial intelligence and information 

systems, research conducted byCherif and Lemoine[27], introduced the following terms: 

electronic agent, intelligent agent.  

We have finally classified the definitions in the following table, in the order of their 

introduction date. 

Table1. Chatbotconcepts 

Authors Nominations Definitions 

[28] 

Embodied 

conversational 

agents 

"Graphic characters designed on a computer and capable of 

face-to-face dialogue with a user". 

[29] Avatar 
"Computer technology personifies general graphic 

representations." (P.20) 

[29] 
Virtual 

character 

«  "Human-like chatbots that act as interactive online 

information providers" (p. 60) 

[30] 
Intelligent 

agent 

"Software showing autonomous communication and 

behavior that enables it to learn and adapt its responses to 

changes in its environment, to achieve the users predefined 

objective." 

[31] 
Customer 

service agent 

"computer-generated characters capable of interacting with 

customers and simulating the behavior of the company's 

human representatives thanks to artificial intelligence." (p. 

530) 

[32] 
Conversational 

agent 

"a system that mimics human-to-human communication 

using natural language processing, machine learning and, or 

artificial intelligence." (p. 94) 

[33] Chatbots 
"Computer programmers that can simulate a conversation 

between humans." (p. 712) 
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Authors Nominations Definitions 

[34] Chatbots 
"Is to set up a customer service to provide information and 

carry out financial transactions." 

Sources: Compiled by the authors                                                                                            

This table demonstrates how users can customize chatbots for various settings and 

contexts. According to Nowak and Fox [35], this ambiguity surrounding the definition 

makes it a complex task for researchers to analyze and compare empirical results. To 

make scientific knowledge advance, it is necessary to develop a definition that delimits 

the boundaries of the concept. Finding consensus on a standard definition isn't exactly 

straightforward, as it depends on the prospects for research developments in the field. 

Hwang and Chang[36], as well as Cherif[37], reviewed the literature and proposed 

possible terminology. According to these authors, the diversity of concepts is based on 

two essential criteria: functional and representational characteristics that enable better 

interaction with users. For functional characteristics, Complexity requires the emergence 

of data, especially in volume, allowing more complex interactions to be undertaken[38]. 

In essence, chatbots need to fulfill six functionalities to respond appropriately to users. 

These include learning ability, flexibility, autonomy, temporal continuity, purpose, and 

communication[39,40].However, this form of artificial intelligence requires continuous 

improvement, especially regarding interaction. According to Cherif[37],designers 

continually integrate new features such as ubiquity, availability, animation, conversation, 

and collaboration.Miao et al.[41]argue that anthropomorphism is an essential component 

of definition. As Han[42]explains, this concept involves attributing human qualities and 

characteristics to something that is not a person. As a result, connected machines such as 

chatbots can mimic human capabilities in terms of speech recognition, gestures, and 

vocalization[43]. Researchers have explored this concept in various fields, including 

marketing, psychology, and computer science[44]. 

2.2 Trust 

Researchers consider trust to be a concept that spans various fields, including psychology, 

technology, marketing, and finance [45]. Fernandez-Gago et al.[46]argue that the notion 

of trust is not universal; instead, it depends on its context and application. One can 

perceive it as a multifaceted and varied idea. For example, in psychology, trust is 

conceptualized as the need for reliability after an exchange between two people or groups 

of people [47]. In the technological context, success depends on various factors, including 
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its potential benefits and the user's expectations when using it [48]. For instance, trust 

plays a crucial role in the marketing sector. Customers often need to share personal 

information, which raises concerns about who has access to it [49]. In the financial 

context, trust is particularly crucial due to the significance of financial data [50,51].The 

digitization of this data through e-commerce has increased the importance of trust in the 

interactive environment, as customers need to trust not only the company but also the 

transaction systems [52]. With various trust concepts, we must determine the most 

suitable for our situation. With this in mind, we have selected those mentioned by 

Dekkal[53]. 

Table2.The different concepts of trust 

Author Definitions Contexts 

[54] 

Confidence refers to our belief in the reliability and 

credibility of the new technology's use. 

Information 

Systems 

(IS) 

[55] 
Confidence is the extent to which we believe that the 

use of new technology will be reliable and credible. 

Online 

shopping 

[56] 

Trust forms a foundational element that molds a 

customer's belief system, ensuring that online sellers 

do not act opportunistically 

Online 

shopping 

[57] 

Trust involves consumers' subjective belief that an 

online retailer will fulfill a transaction according to 

their expectations. 

Online 

shopping 

[58] 

We consider trust as interpersonal trust between a 

consumer and a company involved in e-commerce 

transactions or online relationships. 

Online 

financial 

services 

[59] 

Confidence is the extent to which we can determine 

a Chabot’s reliability in using natural language and 

indirectly prove its ability to think in similarly to a 

human being. 

Chatbots 

[60] 

In the context of consumers interacting with chatbots, 

trust is defined as their subjective belief that these 

chatbots possess knowledge, expertise, goodwill, and 

honesty. 

Chatbots 

Sources: by Dekkal[53] 
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However, Scherer and Wimmer [61]are critical of the whole concept. For him, trust is 

presented incorrectly, as it is often confused with positive or negative attitudes towards 

an individual or group of individuals. It presents the issue of trust as a result of 

vulnerability. In contrast, three research theories can be identified about, concerning the 

trust paradigm [62]: personality theory, economic theory, and psychosocial theory. 

According to personality theory, trust is a personal phenomenon that influences a person's 

character, a kind of faith and understanding cultivated through experience[63]. However, 

proponents of economic theory argue that exchange processes are continuously open to 

question because of market volatility[64]. Additionally, psychosocial theory emphasizes 

the desire to uphold a bond where both parties strive for exchanges with minimal risk[65]. 

In the context of our research, the latter approach aligns best with all the concepts 

mentioned above. For multidimensional purposes, this theory is an appropriate and 

suitable response to building trust in digital and virtual commerce[66]. 

2.3 The Mayer, Davis, and Schoorman model of trust 

The model by Mayer et al.[17,p.712]defines trust as " The readiness of one party to be 

vulnerable to the actions of another, relying on the expectation that the otherwill perform 

a particular action that is important to the confidant, regardless of the ability to monitor 

or control that other party." 

Seitz et al. [67]Have developed a unified definition of trust based on the ideas of previous 

researchers. This definition emphasizes the interaction between two parties, one of whom, 

the trusting person, relies on emotions and feelings to trust the other.One according to 

Mayer et al., this role is referred to as the giver of trust. The second part addresses the 

question of whom we trust, often referred to as the trustee. Rousseau et al.  [68]suggest 

that the trustee is an essential element of trust, and that it is therefore necessary to assess 

his or her qualifications and expertise to ensure that he or she is trustworthy.The same 

authors assert that two aspects shape the bond between the trustor and the trustee: a 

cognitive component, encompassing rational thinking, and an affective aspect linked to 

emotions. Trust is a relationship between two parties that can be affected by the risks 

involved. According to Mayer et al.[17], trust is an interpersonal concept that consists of 

a combination of individual elements, mainly associated with what the trusting individual 

believes. The researchers analyze these beliefs using three components: competence, 

benevolence, and integrity. 
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❖ Trust factors: 

 The model comprises of three factors: "competence, voluntariness or benevolence and 

integrity". 

Competence: 

We can define competence as faith in a person's ability to honor a commitment[69].It 

indicates an individual or entity's ability, mastery, and know-how in a specific field, 

according to the same source. For to several researchers[70,71,72], competence is 

strongly associated with confidence. For example, in the technological field, the human-

machine trust relationship is materialized by the reliability of the data offered to 

consumers, who present the "trust" only if the "trustee" machine is competent when it 

comes to data protection [73]. 

Benevolence: 

Mayer et al. [17] define benevolence as a positive sentiment characterized by goodwill 

and altruism, which drive individuals to perform actions beneficial to others. Notions of 

opportunism and self-interest have no place in this relationship of trust; mutual aid and 

cooperation are its fundamental components, according to these researchers. In our case, 

voluntarism is the ability of a machine to conserve consumers' interests to the detriment 

of its profit, the aim is to reduce uncertainty and lack of trust when it comes to 

opportunistic acts[74,75]. 

Integrity: 

Beldad et al. [76]consider integrity as actions performed reliably and honestly. Related to 

this is trust, as it implies the acceptance of specific laws and regulations by the trusting 

person[77].Gras Gentiletti et al.[78]emphasize that it is essential for the trusted person to 

follow these norms if their behavior is to be accepted. The person of faith puts their trust 

in the integrity of the trusted person, demonstrating good behavior and following these 

rules without fail[79,80]. To better understand the principle of integrity, Mayer et al.[17] 

propose McFall’s [81] advancements, suggesting that "an agent demonstrates integrity 

when they adhere to a consistent set of principles or commitments and continue to regard 

them as relevant in the face of temptation or pressure". This researcher classifies integrity 

into two distinct categories. The first is personal, the relational indicator that determines 

who judges us regarding trust. The second type of integrity rests on moral principles, 
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encompassing all of society's values and beliefs. In today's context, integrity is of societal 

importance, as attitudes and beliefs are vital to establishing trust between consumers and 

a virtual machine[82]. 

3. HYPOTHESES DEVELOPMENT AND RESEARCH MODEL 

Three variables can be distinguished: perceived confidentiality, perceived security, and 

perceived overall trust. 

3.1 Perceived Security 

The concept of "perceived security" has evolved over the years because of its significance. 

For example, before the digital age,Parasuraman et al. [83]suggested that it involved 

companies making better use of customers' personal information. Subsequently, with the 

emergence of web interfaces and related legislation, "perceived security" has become a 

priority for companies and consumers[84]. 

This is a recurring problem, which concerns not only the secrecy of digital transactions, 

but also trust in the world [85]. This is why some researchers have established a 

correlation between the security concept in the online domain and thedanger. For example, 

Kalakota and Whinston[86] described "perceived security" as something that can lead to 

financial harm through the destruction or disclosure of data or network resources, etc. 

Later research linked fear of security to the concept of vulnerability[87]. For these 

scientists, weakness must first be assessed by the organization, as it is the individual who 

ultimately experiences this insecurity [88]. Lowry et al. [89]have identified several 

factors that make individuals the most sensitive component of a security system, 

including the lack of customer involvement in decision-making. For this reason, 

organizations need to implement an organizational security strategy better to protect these 

individuals' data[90]. 

Customer practices research in the financial sector has revealed that security is the main 

obstacle to overcome when using an online service[91]. Consequently, customer 

acceptance of all banking services via a platform is one of the main factors influencing 

their behavior[92,93]. In our research, we found that chatbots and financial services 

offering instant assistance store information about magnetic cards and personal spending 

records, which can lead to consumer mistrust[94]. This apprehension intensifies when 
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voice is used to carry out an online transaction[95]. 

Despite these opinions, several researchers[96,97] highlight that financial institutions are 

making long-term investments in artificial intelligence, especially in security measures to 

safeguard their services. For example, MasterCard communicates with its customers via 

various messaging platforms, such as Face book Messenger Chatbots,which enable them 

to securely track customers' purchase and spending histories[98]. 

In the same vein, the impact of security on the acceptance of these banking bots is well 

present in the advanced study of Nordhaim et al.[99]. According to them, banks have a 

benevolent control system for the services offered by these virtual agents, enabling greater 

confidentiality and reliability of the data transmitted. Several research 

studies[100,101]demonstrate a significant effect of security on privacy in the banking 

domain. Hence the hypothesis: 

H1: Perceived security has a positive impact on perceived confidentiality. 

Moreover, as long as cyber-consumers protect their personal information, they are ready 

to engage in e-commerce[102]. According to several researchers[100,101], the more 

secure and private a bank's digital services are, the more likely customers will use them. 

Consequently, we can hypothesize that: 

H2: "Perceived security" positively impacts "intention to use" Chatbots in banking. 

3.2 Perceived Overall Trust 

In technology, we measure trust by the level of use of the system [103]. These researchers 

also suggest that system review is a crucial success factor. For them, this analysis can take 

place at three levels: 

First, when it comes to interacting with user’ssystem security is essential. Secondly, 

confidentiality must be maintained, especially when protecting private data. Finally, the 

system's reputation is a significant factor in encouraging and attracting those who have 

never used the technology. Similarly, Alalwan et al.[104]argue that investigating trust is 

crucial for understanding customer perspectives and their willingness to adopt a 

technology. 

For Hyken[105], two constraints prevent people from trusting interactions with these 

bots.The first point is that these virtual agents should no longer be viewed simply as tools 
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for facilitating services. Instead,people should see them as having the same social 

capabilities as humans[106].As a result, trust in these bots should be approached similarly 

to trust in other individuals[107]. The second point uses a distinct approach that 

incorporates the concept of human-machine cooperation as an answer. Drawing on 

activity theory,the consumer believes that technology can significantly enhance his 

productivity and, consequently, his faith in this interaction[108]. As determined byFølstad 

et al.[109],We can only establish this interaction if we understand the factors that impact 

trust in chatbots. 

Chatbots can significantly influence the willingness of online shoppers to use a specific 

website [110].This social characteristic can generate trust in bots comparable to an 

individual’s[111].These researchers define trust as 'individual beliefs in one's credibility, 

integrity, and benevolence. Mayer et al. [17] have already shown that trust relies on 

credibility, integrity and benevolence.Lemoine and Cherif[112]further validated this 

notion when they examined these components as precursors to consumer trust in Chatbots. 

Both researchers recognized that each of these precursors had distinct characteristics. Two 

particular characteristics are associated with the credibility of these bots. The first is a 

technical characteristic, such as adaptability to multiple language contexts and rapid 

responses. The second aspect relates to anthropomorphism, including characteristics such 

as voice, facial expressions, gestures, and so forth. 

For antecedent integrity,we believe that customers can understand the commitments made 

by chatbots through what they say online. For benevolence, these agents are associated 

with their technical characteristics such as the quality of their interaction with users, their 

ability to recognize users in future conversations, etc.  

In our research on Chatbots, we consider the trust that Moroccan customers have in the 

banking sector as an essential factor in advancing their use of this technology. However, 

several studies have shown that these virtual agents can benefit customers and be 

appealing, which strengthens the relationship between trust and intention to use[113,114]. 

We therefore propose the following hypotheses: 

H3:Perceived overall trust has a positive impact on intention to use. 

3.3 Perceived confidentiality 

The French dictionary "le Petit Robert" states that confidentiality is the preservation of 
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secret information in an organization or computer system, which the public must not 

reveal, and whose use must not be excessive. It should be noted that this concept has had 

legal implications since the 19th century[115]. 

The idea of legitimizing the right to privacy has made its way into many fields, leading 

researchers from various disciplines, such as law, politics, social sciences, information 

systems, and marketing[116]. Stevens[117] paid particular attention to this subject. Thus, 

in the field of marketing, in particular, privacy has been defined as an individual's ability 

to manage their own personal or private data and keep it confidential.   

As digital technology advances, particularly with the development of Web 3.0 and 4.0, 

individuals have become a significant source of data[118]. Many researchers argue for a 

more balanced link between privacy, and customer relationships. Goldfarb and Tucker 

[119]suggest that transparency, sharing and protection of personal data should be part of 

this relationship.  

Researchers are particularly concerned about how artificial intelligence (AI) can affect 

consumer privacy due to the opaque nature of algorithms and the lack of ethical 

considerations on the part of designers [120]. Recently, artificial intelligence has 

undergone considerable progress, notably with the emergence of "machine learning" and 

"deep learning"[121].This revolution has had a significant impact on people's lives, 

especially with the development of chatbots[122]. Sunder et al.[123]state that these bots 

are capable of engaging in conversations and facilitating online transactions, which may 

involve obtaining information about people, including financial data. This presents a huge 

concern for these customers. Human-machine interaction leads to certain doubts, 

especially regarding to personal privacy [124]. Several researchers[125,126]who have 

done more advanced studies on the recognition of new technologies, such as mobile 

commerce, conversational commerce, and mobile financial services, confirm the risk to 

privacy. The possibility of users' information leaking can lead to adverse reactions from 

them when interacting with chatbots[127]. Ischen et al.[128];argue that concerns about 

personal data might make people more hesitant to share information with intelligent 

machines, thereby potentially altering the social atmosphere for everyone. Similarly, 

Bailey and Almusharraf[129]believe that violating people's comfort zones can be a prime 

obstacle to any use of virtual machines. Trust is an essential element in the financial sector 

for creating a positive attitude for customers [130]. This implies a mutual relationship 
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built on trust, which in turn will ensure the safeguarding of all financial information. 

Research byYousafzai et al.[131] and El Haddad[132] has shown that customers prioritize 

confidentiality when dealing with banks. For these researchers,when establishing trust in 

online banking interactions, addressing the "confidentiality" of data is the main element. 

Hence the hypothesis:  

H4: Perceived confidentiality has a positive impact on overall perceived trust. 

If people are convinced that their data is protected, they are more willing to interact with 

virtual entities[133]. Numerous studies, suchby Przegalinska et al.[52] research on trust 

in human-Chatbot interaction, emphasize the importance of "perceived privacy" in the AI 

field. According to the same source, "security and privacy" fundamentally link to the 

financial context, especially online, and directly or indirectly affect the "intention to use" 

artificial intelligence such as chatbots. Hence, we propose the following hypothesis. 

H5:Perceived confidentiality positively influences the intention to use. 

3.4 The relationship between intention to use and current use 

of chatbots in banking 

Intention to use technology is an individual's enthusiasm or determination to employ and 

use a particular technology [134]. These researchers consider this an incredibly crucial 

element, as it influences the actual use of technology.Mulyono and Sfenrianto[103] 

propose that the intention to use reflects the level of confidence a user has in using an 

application.  

Research by Nguyen et al.[20]revealed that the level of adoption intention has a 

substantial impact on the use and acceptance of chatbots in the banking sector. 

Specifically, they found that customers who have strongly intend to adopt bot technology 

are more likely to employ it for mundane banking operations such as reviewing their 

accounts and transferring money. Consequently, the authors suggest that banks should 

strive to increase their customers' adoption intent to encourage greater use. Mogaji et al. 

[15] discovered that the intention to use a chatbot has a significant impact on its current 

utilization in banking. Their study showed that people with a favorable outlook toward 

virtual agents are more apt to employ them for banking purposes. These results motivate 

us to examine this association in our research and postulate the following hypothesis: 

H6: The intention to use chatbots positively influences their current usage in banking. 
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Figure1.The conceptual framework of the research 

4. METHODOLOGY 

4.1. Measuring instruments 

Developing a questionnaire for research purposes is a reasonably linguistic procedure 

until the finished version meets all the expected objectives[135]. Building a questionnaire 

requires an organized approach to ensure that the tool obtains the data needed to answer 

the queries[136]. Ensuring the accuracy and consistency of a research questionnaire is 

crucial to guarantee that it effectively measures its intended purpose [137]. We followed 

Churchill's [138] eight-step procedure to increase the reliability and accuracy of our 

measurement scales. We used pre-existing scales from previous research.Content validity 

was initially assessed by consulting two experts, who were researchers and English 

writing instructors. They assessed the suitability of the questions for the survey objectives, 

any ambiguities of expression or comprehension, and the clarity of the instructions. The 

modified questions were assessed using five-point Likert scales, ranging from "strongly 

"disagree to "agree strongly"[139]. Table 3 shows the finals, the confirmed measurement 

items, and the survey questionnaire. 
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Table3. Measurement elements and survey questionnaire 

Constructs Measurement Items Sources 

Perceived Security   

    Security_ 1 

 

 

Security_ 2 

 

 

Security_ 3 

-.The data I provide to Chatbots will not get lost. 

 

- I find online banking secure when 

paying for my transactions with Chatbot. 

-  

-The system ofsecuritysystem provides a 

secure environment when using Chatbots 

 

[140]; 

[141] 

 

 

   

Perceived Confidentiality 

Confidentiality_1 

 

Confidentiality_2 

 

Confidentiality_3 

 

- I worry that my personal information 

might be improperly shared while using 

banking chatbots. 

- I fear that banking chatbots could intercept 

my personal data. 

- I could have my privacy invaded when 

using banking chatbots 

 

 

 

 

[142] 

 Perceived Overall trust 

Ability 

 

Trust_Ability1 

 

Trust_Ability2 

-The banking Chatbot is competent in its 

service. 

-The Chatbot fulfills its customer service 

role very effectively 

[143]; 

[144] 

 Benevolence  

Trust_Benev1 

 

Trust_Benev2 

- In my interaction with the Chatbot, I 

sensed it would strive to assist me. 

- Chatbots are open and receptive to my 

needs 

[79]; 

[36] 

 Integrity  

Trust_Integ1 

 

Trust_Integ2 

Trust_Integ3 

-I would characterize the relationship with 

Chatbots as sincere. 

- The Chatbot seems sincere and genuine. 

- Chatbots generally seem trustworthy. 

[143]; 

[144] 
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Constructs Measurement Items Sources 

Intention touse 

Intent_use1 

 

Intent_use2 

 

Intent_use3 

 

- If I get the chance, I'll use the banking 

Chatbot. 

-I am inclined to use the banking chatbot 

soon. 

- I intend to request information on the 

bank's platform via the Chatbot. 

[103]; 

[145]; 

[134] 

4.2. Data collection 

To test our model, we conducted a quantitative survey in three stages. The first involved 

a qualitative pre-test of our questionnaire with 30 individuals. Based on the feedback 

received, we examined content validity. Consequently, several significant modifications 

were made, including the removal of irrelevant items and the grouping of related 

statements. 

The second questionnaire was administered online between May 15 and July 15, 2023, as 

part of a preliminary assessment conducted with a hundred clients of financial institutions 

in Morocco, using chatbots on various platforms such as WhatsApp, Facebook Messenger, 

and their websites. The analysis was performed using Principal Component Analysis 

(PCA) with the SPSS software. This survey aimed to evaluate the adequacy and relevance 

of the selected elements. 

This second pre-test was conducted to introduce a final online questionnaire between 

September 15 and November 15, 2023, aiming to broaden the sample for a more accurate 

representation of the population. After adjustments, the final questionnaire was 

administered to the same target group, resulting in 370 valid responses. 

Given the inherent difficulty in obtaining comprehensive data on Moroccan bank clients, 

a convenience sampling approach was adopted for this study. Our sampling involved 

selecting these clients based on their accessibility and willingness to participate, rather 

than using random selection methods. In this context, participants were chosen because 

they were readily available and accessible online, facilitating the data collection process 

within the study's timeline and resources. Additionally, the Structural Equation Modeling 

(SEM) technique, particularly "Partial Least Squares Structural Equation Modeling (PLS-

SEM) ", was employed to analyze the collected data. The analysis was conducted using 
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Smart PLS 4 software, a widely used tool for implementing PLS-SEM models due to its 

user-friendly interface and comprehensive analytical capabilities[146]. 

4.3. Population and Sample 

We chose several attributes to question our target "Gender, Age". The results are as 

follows: 

Table4. Respondents' personal description of the use of Chatbots in banking 

Respondent 

Characteristics 

Frequency (n=370) Percentages 

SEX   

Men 200 54% 

Women 

Total 

170 

370 

46% 

Age   

25and under 30 8% 

26-35 111 30% 

36-45 129 35% 

46-55 78 21% 

55 and over 

Total 

22 

370 

6% 

The table below presents data on the use of Chatbots in the banking sector, focusing on 

the personal descriptions of respondents. Indeed, 54% of respondents are male, while 

46% are female. This indicates a relatively balanced gender distribution among users of 

this form of AI in the banking sector. Among respondents, the most represented age 

groups are 36-45 (35%), followed by 26-35 (30 %) and 46-55 (21%). The under-25s 

represent the smallest proportion (8%). Respondents aged 56 and over represent 6% of 

the sample. These results indicate that bot users in the banking sector come from a diverse 

age range, with relatively strong representation from professionally active age groups (26- 

55). 
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5. RESULTS 

This section aims to present the results of our explanatory analyses to test our research 

hypotheses. To accomplish this, we initiate the process by verifying and estimating the 

measurement model using PLS. We will then evaluate the structural model, showing the 

results of our hypothesis testing. 

5.1. Evaluating the measurement model 

Smart PLS software uses the PLS method to evaluate the measurement model.This entails 

employing the PLS algorithm to ascertain the connection between latent variables and 

their observable counterparts, as well as determining the weights between the constructs 

used in training and their respective indicators.To do this, we mobilize the set of indicators 

linked to the measurement model, namely: construct reliability and convergent and 

discriminant validity. 

 

Figure2.The "adoption" model in Smart PLS 4.0 software. 

5.1.1. Reliable construction 

To ensure the reliability of our model, we must assess the construction's reliability by 

checking the Cronbach's alpha and composite reliability. If either of these measures is less 

than 0.7, we should consider revising our indicators or adding others to increase the 

model's reliability [147]. 
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Table 5.Construct reliability 

 Cronbach's alpha Composite reliability 

Perceived Security 0,902 0,903 

Perceived Confidentiality 0,912 0,914 

Perceived Overall Trust 0,929 0,931 

Intention to use 0,920 0,921 

The table illustrates that most concepts have a Cronbach’s alpha above 0.901, indicating 

high reliability. In addition, the composite reliability for each concept is also high, with 

values above 0.902 for most concepts. These results indicate that the indicators reliably 

measure the various concepts in the measurement model. 

5.1.2. Convergent and loading validity 

To determine the accuracy of the model components[148], we will assess their validity in 

two steps[147]: 

✓ First, we will refine the parameters by retaining only those factors whose 

correlation is superior than 0.7; 

✓ Secondly, we will study (AVE), which should generally be greater than 0.5. 

Table6.Convergent validity of measurement scales 

The built-ins Items Loading AVE 

Use 1 1  

Perceived 

Security 

Security_1 0.922  

0.837 Security_2 0.939 

Security_3 0.883 

Perceived 

Confidentiality 

Confidentiality_1 0.901  

0.850 Confidentiality_2 0.934 

Confidentiality_3 0.931 
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The built-ins Items Loading AVE 

 

 

Perceived Overall 

Trust 

Trust_Ability1 0.860  

 

 

0.702 

Trust_Ability2 0.863 

Trust_Benev1 0.844 

Trust_Benev2 0.871 

Trust_Integ1 0.761 

Trust_Integ2 0.854 

Trust_Integ3 0.809 

 

Intention to use 

Intent_use 1 0.922  

0.837 Intent_use 2 0.939 

Intent_use 3 0.883 

Table 6 shows the criteria required to ensure "Convergent validity," generated by the PLS 

algorithm. It demonstrates that "Convergent validity" is well-established, as all elements 

have correlations greater than 0.7 and an average shared variance (AVE) greater than 0.5 

(ranging from 0.702 to 0.863). 

5.1.3. Discriminant validity of constructs 

To ensure that variables measured by a single indicator are not closely associated with 

other variables in the model, we must ensure that the variance shared between a construct 

and all other constructs is less than the variance shared between the construct and its 

indicators (AVE)[149]. If this is the case, discriminant validity can be acceptable [150]. 

Table 7. Correlations between constructs and the square root of AVE 

 Use Perceived 

Confidentiality 

Intention 

to use 

Perceived 

security 

Perceived 

trust 

Use 1     

Perceived 

confidentiality 
0,365 0,922 

   

Intention to use 0,653 0,376 0,929   

Perceived security 0,608 0,436 0,784 0,898  

Perceived  trust 0,668 0,507 0,822 0,834 0,837 

Table 7 reveals that the "square root of AVE" amounts are higher than the construct 

correlations with the other constructs. This implies that each measure generates results 

distinct from the different constructs, thus guaranteeing its discriminant validity. The 
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results confirm that we meet allthe conditions for hypothesis testing, the consistency of 

hypothesis consistency is satisfactory and convergent and discriminant validity are 

reasonable. 

5.2. Assessment of Structural Model and Hypotheses Testing 

5.2.1. R-square 

To confirm the accuracy of the results, we examine the coefficient of determination (R²) 

for each dependent variable. 

Table8. R-square and adjusted R-square 

 R-square R-squareadjusted 

Perceived  Confidentiality 0,157 0,153 

Perceived Overall Trust 0,219 0,216 

Intention to use 0,745 0,742 

Use 0,393 0,391 

The results show that the factors incorporated in the model explain most of the variance 

in 'intention to use' (R² = 0.754), use (R² = 0.393), and perceived confidence (R² = 0.219). 

However, confidentiality has a relatively low R² of 0.157 and an adjusted R² of 0.153, 

indicating that the independent determinants of the model have only a limited influence 

on the variance of perceived confidentiality. Furthermore, we consider our sample size to 

be medium, and all four R² values exceed the 0.13 threshold [151]. This is a very 

satisfactory result, which confirms that the integrating model is reliable. 

5.2.2. Q²by stone Geisser 

The evaluation indicates the adequacy of each structural equation, generally determined 

by Blindfolding. If Q² is positive, the model has validity in its predictive capabilities [152]. 

Table 9.Stone-GeisserQ2coefficient 

 Q²predict 

Perceived Confidentiality 0,148 

Perceived Overall Trust 0,246 

Intention to use 0,302 

Use 0,161 

The findings from the table show that the Q² measures are positive and non-zero for all 
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the determinants studied. These findings mean that the model has predictive power. 

5.2.3. The Assumptions 

To properly evaluate our hypotheses, there are two PLS approaches with two distinct 

strategies: Jackknife and Bootstrapping. Bootstrapping emerged as the most suitable 

method for our purposes. We present our data below in tabular form: 

Table. 10Status of hypothesis validation using the Bootstrap method 

 T 

statistics 

(|O/STDEV|) 

P values 
VIF 

H1: Perceived Security_->Perceived 

Confidentiality 

2,229 0,026 1,286 

H2:Perceived Security->Intention to 

use 

7,839 0,000 1 

H3: Perceived Overall Trust-

>Intention to use 

11,778 0,000 1 

H4: Perceived Confidentiality _-

>Perceived Overall Trust 

6,264 0,000 1 

H5: Perceived 

Confidentiality_>Intention 

to use 

2,133 0,033 2,422 

H6:Intention to use-_>Use 11,476 0,000 2,616 

Table 10 shows the status of hypothesis validation using the Bootstrap method. The 

Bootstrap method is a statistical technique thatinvolve sampling with replacement from 

available data to estimate the distribution of a statistic of interest[153]. In this context, the 

results we present as T-statistics (|O/STDEV|) and P-values. According to the table, the 

results of the Bootstrap method indicate significant relationships between the variables 

examined, thus supporting the hypotheses underlying the study. Indeed, the relationship 

between perceived security and confidentiality is substantial, since the T statistic of 6.264 

suggests a significant relationship between security and confidentiality, with a P value of 

0.000, which reinforces this conclusion. For the relationship between security and 

intention to use, the T-statistic of 2.133 is significant, and the P-value of 0.033 indicates 

a statistically significant relationship between security and intention to use, however it is 

less significant than the other relationships. As expected, there is a strong relationship 
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between confidentiality and trust with a T (7.839) and a very low P-value (0.000). A 

similarly significant relationship between confidentiality and intention to use with a 

statistical T of (2.229) and P-value (0.026) indicates statistical significance at a given 

confidence level.Note that there is a strong relationship between trust and intention to use, 

indicated by T (11.476) and P (0.000). The same applies to the relationship between 

intention and using chatbots T (11.778) and P (0.000). In addition, all the relationships 

display VIF values of less than 5, indicating the absence of multicollinearity problems in 

the structural model. 

 

Figure3. The model using the Bootstrap method 

6. DISCUSSION 

Our research confirms that 'perceived security' has a significant impact on 'perceived 

privacy' (T=6.254>1.96, P=0.001<0.005), as well as a substantial effect on intention to 

use (T=2.133 and P=0.033). This conclusion is in line with the findings of[101,154], who 

indicate a significant relationship between perceived security and confidentiality. For 

these researchers, the determining factor is security, since the context is sensitive to any 

financial transaction. Every time the customer faces a problem with an electronic financial 

service, mistrust sets in as a first constraint, at the risk of suffering financial loss or fraud 

[155]. Studies concerning consumer behavior in the financial sector demonstrate that 

security is the main privacy factor[156].Our findings suggest that Moroccan consumers 
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perceive security positively impacting their intention to use chatbots. Furthermore, the 

results highlight the importance of confidentiality for Moroccan consumers, especially in 

a sensitive domain such as banking. In our study, financial services employing bots that 

prioritize speed and availability must handle confidential and personal information, 

including credit card details and spending history. This management of sensitive data has 

led to consumer skepticism[94].This apprehension amplifies when people use voice for 

making online purchases[95].The results of our privacy research suggest that 33% of 

Moroccan bank customers are split between those who "disagree" and those who 

"strongly disagree" about the privacy of banking websites and apps. Most people feel that 

their privacy is threatened, not least because of the popularity of instant messaging. On 

the other hand, a majority believes that confidentiality can be compromised by using these 

sites, with 55.43% of participants strongly agreeing.The high rate mentioned serves to 

elucidate the concern regarding data confidentiality stemming from the sharing of 

personal information with banking sites and apps. Goldfarb et Tucker [119] propose a 

privacy policy that emphasizes credibility and collaboration, making safeguarding 

customer data a fundamental aspect of the customer-company relationship. Researchers 

have expressed concern about artificial intelligence [120]. According to them, this 

concern mainly stems from a lack of understanding of algorithms and ethical foresight on 

the part of creators. Consumers exhibit considerable concerns about privacy, especially 

regarding services utilizing new technologies such as m-payment [157]. 

In a 2018 study conducted by the Statista research department, the impact of chatbots on 

financial privacy in France was analyzed[158]. This survey proved that the majority (55%) 

of individuals questioned believe that artificial intelligence represents a risk to privacy, 

while 45% saw it as a an excellent opportunity to secure personal data. Regarding 

Moroccans willingness to use this form of AI, our research supports the idea that 

perceived privacy has a significant effect on both overall perceived trust and 'intention to 

use. 

Our research findings confirm Hypothesis H3, which posits that people's perception of 

trust directly impacts their intention to use. As per Mayer et al.[17], trust perception 

comprises three components: competence, benevolence, and integrity. 

The research results show that overall perceived trust plays a significant role in intention 

to use, thanks to the three elements that make it up. This corroborates existing studies that 
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indicate that trust is an essential factor in determining an individual's intention to use 

virtual agents[159]. According to several researchers, such as Janani et al. [160], there is 

a close association between competence and trust. For example, in the technological 

domain, trust between humans and machines manifests itself in the reliability of the data 

presented to users[161]. The machine can establish trust only if it can protect personal 

information[73].The survey results show that 65.80% of Moroccan consumers strongly 

or somewhat agree that integrity and honesty significantly impact their intention to use. 

These factors should not be considered separately from the three aspects of overall trust. 

The integrity sub-dimension scored the lowest on the trust scale, representing 15.70%. 

Despite this, it is clear that Moroccan consumers attach great importance to integrity, 

which explains why they are reluctant to exchange information with chatbots and offer 

their consent. 

The trusting individual's positive perception of benevolence reflects a sincere desire to 

act altruistically for the benefit of others [162]. In our case, benevolence is the ability of 

a machine to prioritize the benefits sought by consumers over theirgains, the aim being to 

reduce uncertainty and lack of trust when it comes toopportunistic acts [163]. The sub-

dimension Ability is best placed to examine the confidence of Moroccan consumers, 

accounting for 28% of the global confidence scale. This suggests that individuals are more 

inclined to trust companies that demonstrate the ability to fulfill their promises[69]. 

Consequently, in the realm of online banking customer service, customer trust hinges on 

the bank's capacity to deliver timely[164]. 

7. IMPLICATIONS 

The study of banking chatbots in the context of their adoption by individuals is of interest 

to theorists and managers alike. The work presents a new interactive model based on 

technology and self-help. Due to the originality of the phenomena studied, this research 

is truly unique, offering mostly unpublished results.The Mayer et al. [17] model of trust 

comprises three key elements: competence, integrity, and benevolence. Competence 

refers to a person's skills and expertise in a specific area, while integrity refers to the 

perception that the person is honest and respects moral and ethical standards. Benevolence 

refers to the perception that the person intends to help or protect individuals rather than 

harm them.In accordance with this model, the presence of all three elements increases the 
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likelihood that individuals will trust another person.In addition, when individuals grant 

trust and the results are positive, this reinforces future trust. On the other hand, when 

someone betrays trust or when outcomes are negative, future trust is diminished.This 

model is essentialfor organizations because it helps to understand the relationships 

between employees, managers and customers. By identifying the elements that contribute 

to confidentiality and security, organizations can take steps to strengthen trust to improve 

interpersonal relations and customer satisfaction. 

This research is among the few that have applied Mayer's model in the context of 

individuals, integrating security variables such as perceived security and perceived 

confidentiality, in contrast, most research has opted for adoption in the context of 

organizations. 

In managerial terms, the results of this research are an essential contribution for banks 

wishing to invest massively in artificial intelligence. Our results highlight the key 

determinants necessary for customers to accept and use one of the most important AI tools, 

namely chatbots. Banks should take steps to improve the perception of privacy when 

using banking chatbots. It may be essential to implement clear privacy policies, apply 

strict security standards, and provide accurate and prompt answers to questions asked by 

customers. 

8. LIMITATIONS AND SUGGESTIONS FOR FUTURE 

RESEARCH 

Our study has multiple limitations.Firstly, the trust model did not assess any construct 

that could directly impact the use of virtual agent. On the contrary, we assessed all 

variables to examine their influence on the intention to use them. Secondly, the model 

lacks some variables that may improve understanding of the purpose of using chatbots in 

this area, such as perceived risk, which could act as a mediating or moderating factor. 

Thirdly, the survey method we employed may also be restrictive in other respects. We 

focused on using chatbots by Moroccan bank customers, which made it challenging to 

acquire data through online channels. Furthermore, we have considered trust as an 

important factor in our research during the pre-adoption phase, and it can therefore be 

included in the post-adoption phase, as we consider it to be a determining factor in 

satisfaction with artificial intelligence.As far as confidentiality and security are concerned, 
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they can serve as mediating factors likely to affect the desire to use chatbots in the banking 

sector for future research.This initiative marks the first attempt in Morocco to investigate 

the adoption of chatbots in financial services, particularly banking. Future studies are 

suggested to extend their scope to other areas such as insurance, hospitality, or any other 

field already benefiting from this type of artificial intelligence. 

9. REFERENCES 

[1] Z. Xu, Z. Ge, X. Wang, et M. Skare, « Bibliometric analysis of technology adoption 

literature published from 1997 to 2020 », Technological Forecasting and Social 

Change, vol. 170, p. 120896, sept. 2021, doi: 10.1016/j.techfore.2021.120896 

[2] L. Hilaire-Pérez, « Transferts technologiques, droit et territoire: le cas franco-

anglais au XVIIIe siècle », Revue d’histoire moderne et contemporaine (1954-), 

vol. 44, no. 4, p. 547‑579, 1997. 

[3] G. W. Dalton, L. B. Barnes, et A. Zaleznik, The distribution of authority in formal 

organizations. Boston: Harvard University, Division of Research, Graduate School 

of …, 1968. 

[4] T. F. Bresnahan, « Technological change in ICT in light of ideas first learned about 

the machine tool industry », Industrial and Corporate Change, vol. 28, no. 2, p. 

331‑349, 2019. 

[5] V. Chang, P. Baudier, H. Zhang, Q. Xu, J. Zhang, et M. Arami, « How Blockchain 

can impact financial services–The overview, challenges and recommendations 

from expert interviewees », Technological forecasting and social change, vol. 158, 

p. 120166, 2020. 

[6] « 55 Fascinating AI Statistics and Trends for 2024 ». Accessed on January 2024. 

[On line]. Available on: https://dataprot.net/statistics/ai-statistics/ 

[7] G. Kessler, « Technology and the future of language teaching », Foreign language 

annals, vol. 51, no. 1, p. 205‑218, 2018. 

[8] « Artificial Intelligence [AI] Market Size, Share, Growth Report 2032 ». Accessed 

on 02 January 2024 . Available on: 

https://www.fortunebusinessinsights.com/industry-reports/artificial-intelligence-

market-100114. 

[9] S. Hussain, O. Ameri Sianaki, et N. Ababneh, « A survey on conversational 

agents/chatbots classification and design techniques », in Web, Artificial 

Intelligence and Network Applications: Proceedings of the Workshops of the 33rd 

International Conference on Advanced Information Networking and Applications 

(WAINA-2019) 33, Springer, 2019, p. 946‑956. 

[10] K. Berezina, O. Ciftci, et C. Cobanoglu, « Robots, artificial intelligence, and 



70                                    International Journal of Electronic Commerce Studies 

service automation in restaurants », in Robots, artificial intelligence, and service 

automation in travel, tourism and hospitality, Emerald Publishing Limited, 2019, 

p. 185‑219. Accessed on 15 January 2024. [On line]. Available on: 

https://www.emerald.com/insight/content/doi/10.1108/978-1-78756-687-

320191010/full/html 

[11] M. Jang, Y. Jung, et S. Kim, « Investigating managers’ understanding of chatbots 

in the Korean financial industry », Computers in Human Behavior, vol. 120, p. 

106747, juill. 2021, doi: 10.1016/j.chb.2021.106747. 

[12] R. Richad, V. Vivensius, S. Sfenrianto, et E. R. Kaburuan, « analysis of factors 

influencing millennial’s technology acceptance of chatbot in the banking industry 

in indonesia », IJM, vol. 10, no. 3, Art. no. 3, juin 2019, doi: 

10.34218/IJM.10.3.2019.011. 

[13] S. F. Suhel, V. K. Shukla, S. Vyas, et V. P. Mishra, « Conversation to automation 

in banking through chatbot using artificial machine intelligence language », in 

2020 8th international conference on reliability, infocom technologies and 

optimization (trends and future directions)(ICRITO), IEEE, 2020, p. 611‑618. 

Accessed on 19 January 2024. [On line]. Avaibale on: 

https://ieeexplore.ieee.org/abstract/document/9197825/ 

[14] N. Kozakiewicz, « Technologies des stablecoins et monnaies numériques de 

banque centrale », Revue d’économie financière, no. 1, p. 107‑118, 2023. 

[15] E. Mogaji, J. Balakrishnan, A. C. Nwoba, et N. P. Nguyen, « Emerging-market 

consumers’ interactions with banking chatbots », Telematics and Informatics, vol. 

65, p. 101711, déc. 2021, doi: 10.1016/j.tele.2021.101711. 

[16] T. Alsamara et F. Khalidi, « Review of Covid-19 and E-Commerce in the 

Moroccan Legal System: Challenges and Opportunities », J. Legal Ethical & Regul. 

Isses, vol. 23, p. 1, 2020. 

[17] R. C. Mayer, J. H. Davis, et F. D. Schoorman, « An Integrative Model of 

Organizational Trust », The Academy of Management Review, vol. 20, no. 3, p. 709, 

juill. 1995, doi: 10.2307/258792. 

[18] T. Oliveira, M. Alhinho, P. Rita, et G. Dhillon, « Modelling and testing consumer 

trust dimensions in e-commerce », Computers in Human Behavior, vol. 71, p. 

153‑164, 2017. 

[19] D. M. Rousseau, S. B. Sitkin, R. S. Burt, et C. Camerer, « Not So Different After 

All: A Cross-Discipline View Of Trust », AMR, vol. 23, no. 3, Art. no. 3, juill. 

1998, doi: 10.5465/amr.1998.926617. 

[20] D. M. Nguyen, Y.-T. H. Chiu, et H. D. Le, « Determinants of continuance intention 

towards banks’ chatbot services in Vietnam: A necessity for sustainable 

development », Sustainability, vol. 13, no. 14, p. 7625, 2021. 

[21] A. Mahalle, J. Yong, X. Tao, et J. Shen, « Data privacy and system security for 



Yassine Elkhatibi, Houda Guelzim and Redouane Benabdelouahed 71 

banking and financial services industry based on cloud computing infrastructure », 

in 2018 IEEE 22nd International Conference on Computer Supported Cooperative 

Work in Design ((CSCWD)), IEEE, 2018, p. 407‑413. 

[22] J. M. Chigada, « A qualitative analysis of the feasibility of deploying biometric 

authentication systems to augment security protocols of bank card transactions », 

South African Journal of Information Management, vol. 22, no. 1, p. 1‑9, 2020. 

[23] D. Grewal, D. K. Gauri, A. L. Roggeveen, et R. Sethuraman, « Strategizing 

retailing in the new technology era », Journal of Retailing, vol. 97, no. 1, p. 6‑12, 

2021. 

[24] R. Dale, « The return of the chatbots », Nat. Lang. Eng., vol. 22, no. 5, Art. no. 5, 

sept. 2016, doi: 10.1017/S1351324916000243. 

[25] A. Rapp, L. Curti, et A. Boldi, « The human side of human-chatbot interaction: A 

systematic literature review of ten years of research on text-based chatbots », 

International Journal of Human-Computer Studies, vol. 151, p. 102630, 2021. 

[26] M. S. Ben Mimoun, I. Poncin, et M. Garnier, « Animated conversational agents 

and e-consumer productivity: The roles of agents and individual characteristics », 

Information & Management, vol. 54, no. 5, Art. no. 5, juill. 2017, doi: 

10.1016/j.im.2016.11.008. 

[27] E. Cherif et J.-F. Lemoine, « Les conseillers virtuels anthropomorphes et les 

réactions des internautes : une expérimentation portant sur la voix du conseiller », 

Recherche et Applications en Marketing (French Edition), vol. 34, no. 1, Art. no. 

1, janv. 2019, doi: 10.1177/0767370118775963. 

[28] J. Cassell et T. Bickmore, « External manifestations of trustworthiness in the 

interface », Commun. ACM, vol. 43, no. 12, Art. no. 12, déc. 2000, doi: 

10.1145/355112.355123. 

[29] M. Holzwarth, C. Janiszewski, et M. M. Neumann, « The Influence of Avatars on 

Online Consumer Shopping Behavior », Journal of Marketing, vol. 70, no. 4, p. 

19‑36, oct. 2006, doi: 10.1509/jmkg.70.4.019. 

[30] A. Chang, « UTAUT and UTAUT 2: A Review and Agenda for Future Research », 

The Winners, vol. 13, no. 2, Art. no. 2, sept. 2012, doi: 10.21512/tw.v13i2.656. 

[31] T. Verhagen, J. Van Nes, F. Feldberg, et W. Van Dolen, « Virtual customer service 

agents: Using social presence and personalization to shape online service 

encounters », Journal of Computer-Mediated Communication, vol. 19, no. 3, p. 

529‑545, 2014. 

[32] R. M. Schuetzler, J. S. Giboney, G. M. Grimes, et J. F. Nunamaker Jr, « The 

influence of conversational agent embodiment and conversational relevance on 

socially desirable responding », Decision Support Systems, vol. 114, p. 94‑102, 

2018. 

[33] A. Ho, J. Hancock, et A. S. Miner, « Psychological, relational, and emotional 



72                                    International Journal of Electronic Commerce Studies 

effects of self-disclosure after conversations with a chatbot », Journal of 

Communication, vol. 68, no. 4, p. 712‑733, 2018. 

[34] D. Fotheringham et M. A. Wiles, « The effect of implementing chatbot customer 

service on stock returns: an event study analysis », J. of the Acad. Mark. Sci., vol. 

51, no. 4, p. 802‑822, juill. 2023, doi: 10.1007/s11747-022-00841-2. 

[35] K. L. Nowak et J. Fox, « Avatars and computer-mediated communication: A 

review of the definitions, uses, and effects of digital representations », Review of 

Communication Research, vol. 6, p. 30‑53, 2018. 

[36] G.-J. Hwang et C.-Y. Chang, « A review of opportunities and challenges of 

chatbots in education », Interactive Learning Environments, p. 1‑14, 2021. 

[37] E. Cherif, « La perception et l’utilisation des conseillers virtuels en ligne : 

Proposition d’un cadre intégrateur: », Vie & sciences de l’entreprise, vol. no. 201, 

Art. no. 1, nov. 2016, doi: 10.3917/vse.201.0146. 

[38] J. Berthier, « Que (nous) font les big data? », Revue internationale et stratégique, 

no. 2, p. 89‑99, 2018. 

[39] B. Galitsky, « Chatbot Components and Architectures », in Developing Enterprise 

Chatbots, Cham: Springer International Publishing, 2019, p. 13‑51. doi: 

10.1007/978-3-030-04299-8_2. 

[40] B. Mahmud, G. Hong, et B. Fong, « A Study of Human–AI Symbiosis for Creative 

Work: Recent Developments and Future Directions in Deep Learning », ACM 

Trans. Multimedia Comput. Commun. Appl., vol. 20, no. 2, p. 1‑21, févr. 2024, doi: 

10.1145/3542698. 

[41] F. Miao, I. V. Kozlenkova, H. Wang, T. Xie, et R. W. Palmatier, « An Emerging 

Theory of Avatar Marketing », Journal of Marketing, p. 002224292199664, mai 

2021, doi: 10.1177/0022242921996646. 

[42] M. C. Han, « The impact of anthropomorphism on consumers’ purchase decision 

in chatbot commerce », Journal of Internet Commerce, vol. 20, no. 1, p. 46‑65, 

2021. 

[43] Z. Lv, F. Poiesi, Q. Dong, J. Lloret, et H. Song, « Deep learning for intelligent 

human–computer interaction », Applied Sciences, vol. 12, no. 22, p. 11457, 2022. 

[44] S. Schanke, G. Burtch, et G. Ray, « Estimating the Impact of “Humanizing” 

Customer Service Chatbots », Information Systems Research, vol. 32, no. 3, p. 

736‑751, sept. 2021, doi: 10.1287/isre.2021.1015. 

[45] D. J. Kim, M.-S. Yim, V. Sugumaran, et H. R. Rao, « Web assurance seal services, 

trust and consumers’ concerns: An investigation of e-commerce transaction 

intentions across two nations », European Journal of Information Systems, vol. 25, 

p. 252‑273, 2016. 

[46] C. Fernandez-Gago, F. Moyano, et J. Lopez, « Modelling trust dynamics in the 

Internet of Things », Information Sciences, vol. 396, p. 72‑82, août 2017, doi: 



Yassine Elkhatibi, Houda Guelzim and Redouane Benabdelouahed 73 

10.1016/j.ins.2017.02.039. 

[47] J. B. Rotter, « A new scale for the measurement of interpersonal trust. », Journal 

of personality, 1967. 

[48] D. H. Mcknight, M. Carter, J. B. Thatcher, et P. F. Clay, « Trust in a specific 

technology: An investigation of its components and measures », ACM 

Transactions on management information systems (TMIS), vol. 2, no. 2, p. 1‑25, 

2011. 

[49] T. Bickmore et J. Cassell, « Relational agents: a model and implementation of 

building user trust », in Proceedings of the SIGCHI conference on Human factors 

in computing systems, 2001, p. 396‑403. 

[50] J. Berthier, « Que (nous) font les big data ? », Revue internationale et stratégique, 

vol. 110, no. 2, Art. no. 2, 2018, doi: 10.3917/ris.110.0089. 

[51] C. Van Der Cruijsen, J. De Haan, et R. Roerink, « Trust in financial institutions: A 

survey », Journal of Economic Surveys, vol. 37, no. 4, p. 1214‑1254, sept. 2023, 

doi: 10.1111/joes.12468. 

[52] A. Przegalinska, L. Ciechanowski, A. Stroz, P. Gloor, et G. Mazurek, « In bot we 

trust: A new methodology of chatbot performance measures », Business Horizons, 

vol. 62, no. 6, p. 785‑797, 2019. 

[53] M. Dekkal, « L’effet de la qualité de service électronique sur la confiance et 

l’intention d’adoption du chatbot dans les services financiers: le rôle clé de 

l’anxiété avec la technologie », 2021. 

[54] D. H. McKnight et N. L. Chervany, « What Trust Means in E-Commerce Customer 

Relationships: An Interdisciplinary Conceptual Typology », International Journal 

of Electronic Commerce, vol. 6, no. 2, p. 35‑59, déc. 2001, doi: 

10.1080/10864415.2001.11044235. 

[55] R. K. Chellappa et P. A. Pavlou, « Perceived information security, financial 

liability and consumer trust in electronic commerce transactions », Logistics 

Information Management, vol. 15, no. 5-6, p. 358‑368, 2002. 

[56] « Consumer Acceptance of Electronic Commerce: Integrating Trust and Risk with 

the Technology Acceptance Model », International Journal of Electronic 

Commerce, vol. 7, no. 3, p. 101‑134, avr. 2003, doi: 

10.1080/10864415.2003.11044275. 

[57] D. Kim, J. Park, et A. M. Morrison, « A model of traveller acceptance of mobile 

technology », Journal of Tourism Research, vol. 10, no. 5, p. 393‑407, sept. 2008, 

doi: 10.1002/jtr.669. 

[58] L. Rajaobelina, L. Ricard, J. Bergeron, et É . Toufaily, « An integrative model of 

installed online trust in the financial services industry », J Financ Serv Mark, vol. 

19, no. 3, p. 186‑197, sept. 2014, doi: 10.1057/fsm.2014.18. 

[59] A. Przegalinska, L. Ciechanowski, A. Stroz, P. Gloor, et G. Mazurek, « In bot we 



74                                    International Journal of Electronic Commerce Studies 

trust: A new methodology of chatbot performance measures », Business Horizons, 

vol. 62, no. 6, p. 785‑797, 2019. 

[60] « Yen et Chiang (2021) p. 179 - Google Scholar ». Accessed on 11 January 2024. 

[On line]. Available on: 

https://scholar.google.com/scholar?hl=fr&as_sdt=0%2C5&q=Yen+et+Chiang+%

282021%29+p.+179&btnG=#d=gs_cit&t=1705327185358&u=%2Fscholar%3Fq

%3Dinfo%3ACaDsMUGF5nsJ%3Ascholar.google.com%2F%26output%3Dcite

%26scirp%3D0%26hl%3Dfr 

[61] S. Scherer et M. A. Wimmer, « Trust in e-participation: Literature review and 

emerging research needs », in Proceedings of the 8th International Conference on 

Theory and Practice of Electronic Governance, 2014, p. 61‑70. 

[62] J. A. Simpson, « Foundations of interpersonal trust », Social psychology: 

Handbook of basic principles, vol. 2, p. 587‑607, 2007. 

[63] A. Bandura, « Social cognitive theory of personality », Handbook of personality, 

vol. 2, no. 1, p. 154‑196, 1999. 

[64] J. R. Freeman, J. C. Hays, et H. Stix, « Democracy and markets: The case of 

exchange rates », American Journal of Political Science, p. 449‑468, 2000. 

[65] M. G. Pratt et K. T. Dirks, « Rebuilding trust and restoring positive relationships: 

A commitment-based view of trust », in Exploring positive relationships at work, 

Psychology Press, 2017, p. 117‑136.  

[66] E. Moriuchi et I. Takahashi, « An empirical study on repeat consumer’s shopping 

satisfaction on C2C e-commerce in Japan: the role of value, trust and engagement », 

Asia Pacific Journal of Marketing and Logistics, vol. 35, no. 3, p. 560‑581, 2023. 

[67] L. Seitz, S. Bekmeier-Feuerhahn, et K. Gohil, « Can we trust a chatbot like a 

physician? A qualitative study on understanding the emergence of trust toward 

diagnostic chatbots », International Journal of Human-Computer Studies, vol. 165, 

p. 102848, sept. 2022, doi: 10.1016/j.ijhcs.2022.102848. 

[68] D. M. Rousseau, S. B. Sitkin, R. S. Burt, et C. Camerer, « Not so different after all: 

A cross-discipline view of trust », Academy of management review, vol. 23, no. 3, 

p. 393‑404, 1998. 

[69] A. Bhattacherjee, « Individual trust in online firms: scale development and initial 

trust », Journal of Management Information Systems, vol. 19, no. 1, p. 213‑243, 

2002. 

[70] L. Zsolnai, « Honesty and trust in economic relationships », Management Research 

News, vol. 27, no. 7, p. 57‑62, 2004. 

[71] C. Sichtmann, « An analysis of antecedents and consequences of trust in a 

corporate brand », European Journal of Marketing, vol. 41, no. 9-10, p. 999‑1015, 

2007. 

[72] L. Fu, L. Lee, et C. Danescu-Niculescu-Mizil, « When Confidence and 



Yassine Elkhatibi, Houda Guelzim and Redouane Benabdelouahed 75 

Competence Collide: Effects on Online Decision-Making Discussions », in 

Proceedings of the 26th International Conference on World Wide Web, Perth 

Australia: International World Wide Web Conferences Steering Committee, avr. 

2017, p. 1381‑1390. doi: 10.1145/3038912.3052681. 

[73] T. Oliveira, M. Alhinho, P. Rita, et G. Dhillon, « Modelling and testing consumer 

trust dimensions in e-commerce », Computers in Human Behavior, vol. 71, p. 

153‑164, 2017. 

[74] D. H. McKnight, V. Choudhury, et C. Kacmar, « The impact of initial consumer 

trust on intentions to transact with a web site: a trust building model », The journal 

of strategic information systems, vol. 11, no. 3‑4, p. 297‑323, 2002. 

[75] F. Allen, X. Gu, et J. Jagtiani, « A survey of fintech research and policy 

discussion », Review of Corporate Finance, vol. 1, p. 259‑339, 2021. 

[76] A. Beldad, M. De Jong, et M. Steehouder, « How shall I trust the faceless and the 

intangible? A literature review on the antecedents of online trust », Computers in 

human behavior, vol. 26, no. 5, p. 857‑869, 2010. 

[77] J. D. Mayer, D. R. Caruso, et P. Salovey, « The Ability Model of Emotional 

Intelligence: Principles and Updates », Emotion Review, vol. 8, no. 4, Art. no. 4, 

oct. 2016, doi: 10.1177/1754073916639667. 

[78] M. Gras Gentiletti, G. Bourmaud, M. Fréjus, et F. Decortis, « Concevoir pour des 

activités instrumentées par des chatbots », Activités, no. 19‑1, Art. no. 19‑1, avr. 

2022, doi: 10.4000/activites.7428. 

[79] D. Gefen, « Reflections on the dimensions of trust and trustworthiness among 

online consumers », ACM SIGMIS Database: the DATABASE for Advances in 

Information Systems, vol. 33, no. 3, p. 38‑53, 2002. 

[80] A. S. Engelbrecht, G. Heine, et B. Mahembe, « Integrity, ethical leadership, trust 

and work engagement », Leadership & Organization Development Journal, vol. 

38, no 3, p. 368‑379, 2017. 

[81] L. McFall, « Integrity », Ethics, vol. 98, no. 1, p. 5‑20, oct. 1987, doi: 

10.1086/292912. 

[82] B. L. Connelly, T. R. Crook, J. G. Combs, D. J. Ketchen Jr, et H. Aguinis, 

« Competence-and integrity-based trust in interorganizational relationships: which 

matters more? », Journal of Management, vol. 44, no. 3, p. 919‑945, 2018. 

[83] A. Parasuraman, V. A. Zeithaml, et L. L. Berry, « A conceptual model of service 

quality and its implications for future research », Journal of marketing, vol. 49, no. 

4, p. 41‑50, 1985. 

[84] S. Marianus et S. Ali, « Factors determining the perceived security dimensions in 

B2C electronic commerce website usage: an Indonesian study », Journal of 

Accounting and Investment, vol. 22, no. 1, p. 104‑132, 2021. 

[85] I. Chouk et J. Perrien, « La confiance du consommateur vis-à-vis d’un marchand 



76                                    International Journal of Electronic Commerce Studies 

Internet: proposition d’une échelle de mesure », Revue française du marketing, vol. 

205, p. 5, 2005. 

[86] R. Kalakota et A. B. Whinston, Electronic Commerce: A Manager’s Guide. 

Addison-Wesley Professional, 1997. 

[87] F. Bélanger, S. Collignon, K. Enget, et E. Negangard, « Determinants of early 

conformance with information security policies », Information & Management, vol. 

54, no. 7, p. 887‑901, 2017. 

[88] E. Waters et K. E. Deane, « Defining and assessing individual differences in 

attachment relationships: Q-methodology and the organization of behavior in 

infancy and early childhood », Monographs of the society for research in child 

development, p. 41‑65, 1985. 

[89] P. B. Lowry, T. Dinev, et R. Willison, « Why security and privacy research lies at 

the centre of the information systems (IS) artefact: Proposing a bold research 

agenda », European Journal of Information Systems, vol. 26, p. 546‑563, 2017. 

[90] W. Ye et Q. Li, « Chatbot security and privacy in the age of personal assistants », 

in 2020 IEEE/ACM Symposium on Edge Computing (SEC), IEEE, 2020, p. 

388‑393.  

[91] R. K. Jamra, B. Anggorojati, D. I. Sensuse, et R. R. Suryono, « Systematic Review 

of Issues and Solutions for Security in E-commerce », in 2020 International 

Conference on Electrical Engineering and Informatics (ICELTICs), IEEE, 2020, 

p. 1‑5. 

[92] J.-S. Chiou et C.-C. Shen, « The antecedents of online financial service adoption: 

the impact of physical banking services on Internet banking acceptance », 

Behaviour & Information Technology, vol. 31, no. 9, p. 859‑871, 2012. 

[93] K. Ghalandari, « The effect of performance expectancy, effort expectancy, social 

influence and facilitating conditions on acceptance of e-banking services in Iran: 

The moderating role of age and gender », Middle-East Journal of Scientific 

Research, vol. 12, no. 6, p. 801‑807, 2012. 

[94] P. Patil, K. Tamilmani, N. P. Rana, et V. Raghavan, « Understanding consumer 

adoption of mobile payment in India: Extending Meta-UTAUT model with 

personal innovativeness, anxiety, trust, and grievance redressal », International 

Journal of Information Management, vol. 54, p. 102144, oct. 2020, doi: 

10.1016/j.ijinfomgt.2020.102144. 

[95] S. Sarbabidya et T. Saha, « Role of Chatbot in Customer Service: A Study from 

the Perspectives of the Banking Industry of Bangladesh », p. 18. 

[96] E. Ducas et A. Wilner, « The security and financial implications of blockchain 

technologies: Regulating emerging technologies in Canada », International 

Journal, vol. 72, no. 4, p. 538‑562, déc. 2017, doi: 10.1177/0020702017741909. 

[97] D. W. Allen, C. Berg, et M. Novak, « Blockchain: an entangled political economy 



Yassine Elkhatibi, Houda Guelzim and Redouane Benabdelouahed 77 

approach », Journal of Public Finance and Public Choice, vol. 33, no. 2, p. 

105‑125, 2018. 

[98] J. T. S. Quah et Y. W. Chua, « Chatbot Assisted Marketing in Financial Service 

Industry », in Services Computing – SCC 2019, vol. 11515, J. E. Ferreira, A. 

Musaev, et L.-J. Zhang, Éd., in Lecture Notes in Computer Science, vol. 11515. , 

Cham: Springer International Publishing, 2019, p. 107‑114. doi: 10.1007/978-3-

030-23554-3_8. 

[99] C. B. Nordheim, A. Følstad, et C. A. Bjørkli, « An Initial Model of Trust in 

Chatbots for Customer Service—Findings from a Questionnaire Study », 

Interacting with Computers, vol. 31, no. 3, Art.no. 3, mai 2019, doi: 

10.1093/iwc/iwz022. 

[100] K. J. Patel et H. J. Patel, « Adoption of internet banking services in Gujarat: An 

extension of TAM with perceived security and social influence », International 

Journal of Bank Marketing, vol. 36, no. 1, p. 147‑169, 2018. 

[101] F. O. Aribake et Z. Mat Aji, « The mediating role of perceived security on the 

relationship between internet banking users and their determinants », International 

Journal of Advanced Research in Engineering and Technology (IJARET), vol. 11, 

no. 2, 2020, Accessed on 01 January 2024. [On line]. Available on: 

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3553853 

[102] K. Kooli, K. B. Mansour, et R. Utama, « Determinants of online trust and their 

impact on online purchase intention », IJTMKT, vol. 9, no 3, p. 305, 2014, doi: 

10.1504/IJTMKT.2014.063858. 

[103] J. A. Mulyono et S. Sfenrianto, « Evaluation of Customer Satisfaction on 

Indonesian Banking Chatbot Services During the COVID-19 Pandemic », CommIT 

(Communication and Information Technology) Journal, vol. 16, no. 1, Art. no. 1, 

mars 2022, doi: 10.21512/commit.v16i1.7813. 

[104] A. A. Alalwan, Y. K. Dwivedi, et N. P. Rana, « Factors influencing adoption of 

mobile banking by Jordanian bank customers: Extending UTAUT2 with trust », 

International Journal of Information Management, vol. 37, no. 3, p. 99‑110, 2017. 

[105] S. Hyken, « Ten Customer Service And Customer Experience Trends For 2017 », 

Forbes, 2017. 

[106] E. Rodriguez-Lizundia, S. Marcos, E. Zalama, J. Gómez-García-Bermejo, et A. 

Gordaliza, « A bellboy robot: Study of the effects of robot behaviour on user 

engagement and comfort », International Journal of Human-Computer Studies, vol. 

82, p. 83‑95, 2015. 

[107] O. H. Chi, S. Jia, Y. Li, et D. Gursoy, « Developing a formative scale to measure 

consumers’ trust toward interaction with artificially intelligent (AI) social robots 

in service delivery », Computers in Human Behavior, vol. 118, p. 106700, 2021. 

[108] Y. Clot, « Bakhtine, Vygotski et le travail »:, Travailler, vol. no. 6, p. 9‑12, sept. 



78                                    International Journal of Electronic Commerce Studies 

2001, doi: 10.3917/trav.006.0009. 

[109] A. Følstad, C. B. Nordheim, et C. A. Bjørkli, « What Makes Users Trust a Chatbot 

for Customer Service? An Exploratory Interview Study », in Internet Science, vol. 

11193, S. S. Bodrunova, Éd., in Lecture Notes in Computer Science, vol. 11193. , 

Cham: Springer International Publishing, 2018, p. 194‑208. doi: 10.1007/978-3-

030-01437-7_16. 

[110] D. L. Kasilingam, « Understanding the attitude and intention to use smartphone 

chatbots for shopping », Technology in Society, vol. 62, p. 101280, 2020. 

[111] M. Neururer, S. Schlögl, L. Brinkschulte, et A. Groth, « Perceptions on authenticity 

in chat bots », Multimodal Technologies and Interaction, vol. 2, no. 3, p. 60, 2018. 

[112] J.-F. Lemoine et E. Cherif, « Comment générer de la confiance envers un agent 

virtuel à l’aide de ses caractéristiques ? Une étude exploratoire », Management & 

Avenir, vol. 58, no. 8, Art. no. 8, 2012, doi: 10.3917/mav.058.0169. 

[113] J. Trivedi, « Examining the Customer Experience of Using Banking Chatbots and 

Its Impact on Brand Love: The Moderating Role of Perceived Risk », Journal of 

Internet Commerce, vol. 18, no. 1, Art. no. 1, janv. 2019, doi: 

10.1080/15332861.2019.1567188. 

[114] R. Arjun, A. Kuanr, et K. R. Suprabha, « Developing banking intelligence in 

emerging markets: Systematic review and agenda », International Journal of 

Information Management Data Insights, vol. 1, no. 2, p. 100026, 2021. 

[115] J. A. Simpson et E. S. Weiner, « The Oxford english dictionary », (No Title), 1989. 

[116] R. A. Posner, « The economics of privacy », The American economic review, vol. 

71, no. 2, p. 405‑409, 1981. 

[117] A. M. Stevens, Antecedents and outcomes of perceived creepiness in online 

personalized communications. Case Western Reserve University, 2016. 

[118] A. Acquisti, L. Brandimarte, et G. Loewenstein, « Privacy and human behavior in 

the age of information », Science, vol. 347, no. 6221, p. 509‑514, 2015. 

[119] A. Goldfarb et C. Tucker, « Why managing consumer privacy can be an 

opportunity », MIT Sloan Management Review, vol. 54, no. 3, p. 10, 2013. 

[120] X. Cheng, Y. Bao, A. Zarifis, W. Gong, et J. Mou, « Exploring consumers’ 

response to text-based chatbots in e-commerce: the moderating role of task 

complexity and chatbot disclosure », Internet Research, vol. 32, no. 2, p. 496‑517, 

2021. 

[121] H. Jia, X. Lu, D. Cai, Y. Xiang, J. Chen, et C. Bao, « Predictive Modeling and 

Analysis of Material Removal Characteristics for Robotic Belt Grinding of 

Complex Blade », Applied Sciences, vol. 13, no. 7, p. 4248, 2023. 

[122] S. Paliwal, V. Bharti, et A. K. Mishra, « Ai Chatbots: Transforming the Digital 

World », in Recent Trends and Advances in Artificial Intelligence and Internet of 

Things, vol. 172, V. E. Balas, R. Kumar, et R. Srivastava, Éd., in Intelligent 



Yassine Elkhatibi, Houda Guelzim and Redouane Benabdelouahed 79 

Systems Reference Library, vol. 172. , Cham: Springer International Publishing, 

2020, p. 455‑482. doi: 10.1007/978-3-030-32644-9_34. 

[123] S. Sunder, K. H. Kim, et E. A. Yorkston, « What drives herding behavior in online 

ratings? The role of rater experience, product portfolio, and diverging opinions », 

Journal of Marketing, vol. 83, no. 6, p. 93‑112, 2019. 

[124] E. J. De Visser, R. Pak, et T. H. Shaw, « From ‘automation’ to ‘autonomy’: the 

importance of trust repair in human–machine interaction », Ergonomics, vol. 61, 

no. 10, p. 1409‑1427, oct. 2018, doi: 10.1080/00140139.2018.1457725. 

[125] A. Susanto, Y. Chang, et Y. Ha, « Determinants of continuance intention to use the 

smartphone banking services: An extension to the expectation-confirmation 

model », Industrial Management & Data Systems, vol. 116, no. 3, p. 508‑525, 2016. 

[126] S. Tuzovic et S. Paluch, « Conversational Commerce – A New Era for Service 

Business Development? », in Service Business Development, M. Bruhn et K. 

Hadwich, Éd., Wiesbaden: Springer Fachmedien Wiesbaden, 2018, p. 81‑100. doi: 

10.1007/978-3-658-22426-4_4. 

[127] S. Alhouti, C. M. Johnson, et G. D’Souza, « The complex web of values: the impact 

on online privacy concerns and purchase behavior », Journal of Electronic 

Commerce Research, vol. 17, no. 1, p. 22, 2016. 

[128] C. Ischen, T. Araujo, G. van Noort, H. Voorveld, et E. Smit, « “I Am Here to Assist 

You Today”: The Role of Entity, Interactivity and Experiential Perceptions in 

Chatbot Persuasion », Journal of Broadcasting & Electronic Media, vol. 64, no. 4, 

Art. no. 4, oct. 2020, doi: 10.1080/08838151.2020.1834297. 

[129] D. Bailey et N. Almusharraf, « Investigating the effect of chatbot-to-user questions 

and directives on student participation », in 2021 1st International Conference on 

Artificial Intelligence and Data Analytics (CAIDA), IEEE, 2021, p. 85‑90. 

[130] K. K. Gokmenoglu et A. Amir, « The impact of perceived fairness and 

trustworthiness on customer trust within the banking sector », Journal of 

Relationship Marketing, vol. 20, no. 3, p. 241‑260, juill. 2021, doi: 

10.1080/15332667.2020.1802642. 

[131] S. Y. Yousafzai, J. G. Pallister, et G. R. Foxall, « A proposed model of e-trust for 

electronic banking », Technovation, vol. 23, no. 11, p. 847‑860, 2003. 

[132] G. El Haddad, « Implementation of a sociotechnical approach to privacy for online 

payment and recommendation systems », 2020, Accessed on 05 January 2024 . [On 

line]. Available on: https://papyrus.bib.umontreal.ca/xmlui/handle/1866/24637 

[133] S. Zheng, N. Apthorpe, M. Chetty, et N. Feamster, « User Perceptions of Smart 

Home IoT Privacy », Proc. ACM Hum.-Comput. Interact., vol. 2, no. CSCW, p. 

1‑20, nov. 2018, doi: 10.1145/3274469. 

[134] Venkatesh, Morris, Davis, et Davis, « User Acceptance of Information Technology: 

Toward a Unified View », MIS Quarterly, vol. 27, no. 3, Art. no. 3, 2003, doi: 



80                                    International Journal of Electronic Commerce Studies 

10.2307/30036540. 

[135] M. Solans-Domènech, J. Mv Pons, P. Adam, J. Grau, et M. Aymerich, 

« Development and validation of a questionnaire to measure research impact », 

Research Evaluation, vol. 28, no. 3, p. 253‑262, juill. 2019, doi: 

10.1093/reseval/rvz007. 

[136] A. Moser et I. Korstjens, « Series: Practical guidance to qualitative research. Part 

3: Sampling, data collection and analysis », European Journal of General Practice, 

vol. 24, no. 1, p. 9‑18, janv. 2018, doi: 10.1080/13814788.2017.1375091. 

[137] B. Petrić et B. Czárl, « Validating a writing strategy questionnaire », System, vol. 

31, no. 2, p. 187‑215, 2003. 

[138] G. A. Churchill, « A Paradigm for Developing Better Measures of Marketing 

Constructs », Journal of Marketing Research, vol. 16, no. 1, p. 64‑73, févr. 1979, 

doi: 10.1177/002224377901600110. 

[139] P. H. Lee et al., « Validating the Family Harmony Scale in Hong Kong Chinese: 

Jockey Club FAMILY Project », American Journal of Epidemiology, 2013, 

Accessed on 03 January 2024 . [On line]. Available on: 

https://hub.hku.hk/handle/10722/184965 

[140] S. Yousafzai, J. Pallister, et G. Foxall, « Multi-dimensional role of trust in Internet 

banking adoption », The Service Industries Journal, vol. 29, no. 5, Art. no. 5, mai 

2009, doi: 10.1080/02642060902719958. 

[141] M. Sebei, « Diffusion du commerce électronique en Tunisie: une analyse et 

modélisation des comportements d’adoption de l’internet et des services 

marchands par les jeunes », p. 384. 

[142] M.-A. Alt, I. Vizeli, et Z. Săplăcan, « Banking with a Chatbot – A Study on 

Technology Acceptance », Studia Universitatis Babes-Bolyai Oeconomica, vol. 66, 

no.1, Art. no. 1, avr. 2021, doi: 10.2478/subboec-2021-0002. 

[143] D. Cai, H. Li, et R. Law, « Anthropomorphism and OTA chatbot adoption: a mixed 

methods study », Journal of Travel & Tourism Marketing, vol. 39, no. 2, Art. no. 

2, févr. 2022, doi: 10.1080/10548408.2022.2061672. 

[144] S. Y. B. Huang, C.-J. Lee, et S.-C. Lee, « Toward a Unified Theory of Customer 

Continuance Model for Financial Technology Chatbots », Sensors, vol. 21, no. 17, 

Art. no. 17, août 2021, doi: 10.3390/s21175687. 

[145] C. Martins, T. Oliveira, et A. Popovič, « Understanding the Internet banking 

adoption: A unified theory of acceptance and use of technology and perceived risk 

application », International Journal of Information Management, vol. 34, no. 1, 

Art. no. 1, févr. 2014, doi: 10.1016/j.ijinfomgt.2013.06.002. 

[146] F. Ali, S. M. Rasoolimanesh, M. Sarstedt, C. M. Ringle, et K. Ryu, « An 

assessment of the use of partial least squares structural equation modeling (PLS-

SEM) in hospitality research », International journal of contemporary hospitality 



Yassine Elkhatibi, Houda Guelzim and Redouane Benabdelouahed 81 

management, vol. 30, no. 1, p. 514‑538, 2018. 

[147] V. Fernandes, « En quoi l’approche PLS est-elle une méthode a (re)-découvrir pour 

les chercheurs en management ? », M@n@gement, vol. 15, no. 1, Art. no. 1, 2012, 

doi: 10.3917/mana.151.0102. 

[148] A. Rousseau, P. Sharer, et M. Pasquier, « Validation process of a HEV system 

analysis model: PSAT », SAE Technical Paper, 2001. Accessed on 30 January 

2024. [On line]. Available on: https://www.sae.org/publications/technical-

papers/content/2001-01-0953/ 

[149] R. P. Bagozzi et Y. Yi, « Specification, evaluation, and interpretation of structural 

equation models », J. of the Acad. Mark. Sci., vol. 40, no. 1, Art. no. 1, janv. 2012, 

doi: 10.1007/s11747-011-0278-x. 

[150] C. M. Voorhees, M. K. Brady, R. Calantone, et E. Ramirez, « Discriminant validity 

testing in marketing: an analysis, causes for concern, and proposed remedies », 

Journal of the academy of marketing science, vol. 44, p. 119‑134, 2016. 

[151] M. Wetzels, G. Odekerken-Schröder, et C. Van Oppen, « Using PLS path modeling 

for assessing hierarchical construct models: Guidelines and empirical illustration », 

MIS quarterly, p. 177‑195, 2009. 

[152] J. F. Hair Jr, M. Sarstedt, L. Hopkins, et V. G. Kuppelwieser, « Partial least squares 

structural equation modeling (PLS-SEM) An emerging tool in business research », 

European business review, vol. 26, no. 2, p. 106‑121, 2014. 

[153] S. N. Pakzad, M. Dryden, et G. L. Fenves, « Parametric Bootstrap for System 

Identification of a Scaled Reinforced Concrete Bridge », in Structures Congress 

2009, Austin, Texas, United States: American Society of Civil Engineers, avr. 2009, 

p. 1‑9. doi: 10.1061/41031(341)43. 

[154] R. B. Mostafa, « Mobile banking service quality: a new avenue for customer value 

co-creation », International Journal of Bank Marketing, vol. 38, no. 5, p. 

1107‑1132, 2020. 

[155] O. Kayode-Ajala, « Applications of Cyber Threat Intelligence (CTI) in Financial 

Institutions and Challenges in Its Adoption », Applied Research in Artificial 

Intelligence and Cloud Computing, vol. 6, no. 8, p. 1‑21, 2023. 

[156] M. de J. Araiza Vázquez et E. Y. Pedraza Sánchez, « Aceptación de servicios 

financieros en línea por los consumidores del área metropolitana de Monterrey 

(Acceptance of Online Financial Services by Consumers of the Metropolitan Area 

of Monterrey) », Apuntes Contables, no. 24, 2019. 

[157] M. F. Farah, M. J. S. Hasni, et A. K. Abbas, « Mobile-banking adoption: empirical 

evidence from the banking sector in Pakistan », International Journal of Bank 

Marketing, 2018. 

[158] « Infographie: La révolution chatbots », Statista Daily Data.Accessed on 

02February 2024. [On line]. Available on: 



82                                    International Journal of Electronic Commerce Studies 

https://fr.statista.com/infographie/14824/la-revolution-chatbots 

[159] N. H. A. A. Halim, M. A. M. Azlan, M. N. A. N. Adzhar, et N. Hussein, 

« Accelerating digital talent readiness in Malaysian banking sector: A study on 

technology adoption through the intention to use customer-focused digital 

solutions », Information Management and Business Review, vol. 15, no. 1 (I) SI, p. 

164‑175, 2023. 

[160] S. Janani, M. A. Wiles, et S. Mishra, « Marketing Competence and Institutional 

Trust in Business », Journal of International Marketing, vol. 30, no. 3, p. 5‑17, 

2022. 

[161] N. K. Lankton, D. H. McKnight, et J. Tripp, « Technology, humanness, and trust: 

Rethinking trust in technology », Journal of the Association for Information 

Systems, vol. 16, no. 10, p. 1, 2015. 

[162] R. E. Larzelere et T. L. Huston, « The dyadic trust scale: Toward understanding 

interpersonal trust in close relationships », Journal of Marriage and the Family, p. 

595‑604, 1980. 

[163] S. Denecli, Ö. YILDIZ, et C. DENEÇLİ, « Examining the relationship between 

consumer innovativeness and trust in chatbot applications: A study on Turkish 

banking sector », Connectist: Istanbul University Journal of Communication 

Sciences, no. 63, p. 59‑85, 2022. 

[164] S. Talwar, A. Dhir, A. Khalil, G. Mohan, et A. N. Islam, « Point of adoption and 

beyond. Initial trust and mobile-payment continuation intention », Journal of 

Retailing and Consumer Services, vol. 55, p. 102086, 2020. 

 


